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Learning Consistency Motivation What did we do?

e Learning Consistency is a e Curriculum Learning [2] is a strategy to show easier e Since C-Score is such a
measure of how consistently a examples first and progressively add harder examples computationally intensive
certain sample is learned by a during a model’s training, which has shown good results method we attempt to train a
set of models. for learning faster and more robust models [3] model fo predic[ a sample’s

e A metric called C-Score [1] However, having access to difficulty scores is not trivial. C-Score from its features
has been proposed to estimate e Curriculum Learning currently uses C-Score as a proxy alone.
this value, which is the ratio of for sample difficulty. e With this model, we could
models that learn a particular ® Due to the multiple trained models needed to obtain the alleviate its use and hopefully
samp]e correcﬂy, final score, C-Score is a computationally intensive use it on datasets where we

solution. have no such metric.

e We predict C-Scores using 3

different methods: e o ot e We divide the C-Score range of [0,1] in equal
o Regression - width bins.
o Bayesian Personalized o e Then, we train a model to learn to classify which
Ranking (BPR) o bin a certain image belongs to given a traditional
o Binning o8 Cross Entropy Loss.
006 e We run experiments with 5, 10, 20, 40 bins.
e Fach method presents a L A
progressive relaxation of the * Z
original regression problem. : =% In
e To test each method we use BPR distribution

Spearman Rank Correlation
(SRC) between the model’s
prediction and the ordering
induced by the ground truth
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BPR defines a loss function that
encourages the model to learn how to
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